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MACHINE TRANSLATION
FRAUD DETECTION

NEURAL NETWORKS  ARTIFICAL INTELLIGENCE
MACHINE INTELLIGENCE

DEEP LEARNING

DATA
COMPUTER VISION MINING
DATA OBJECT DETECTION
et b oy MACHINE LEARNING
BIG
DATA

OBLWAA UHPOPMALIUA. O HEM Bbl CKOPEE BCEIO CJIbILLAIIN
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Kak genatoTt nporpaMMUnUCTbI ?
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def

def

integr 1(a,b,n, func):

h=(b - a)/n

sm = 0

for i in range(1,n+1):
y = func(a+h*1i)
sm += y*h

return sm

integr m(a,b,n, func):

h=(b - a)/n

sm = O

for i in range(@,n):
xX = a+h*1i + h/2
y = func(xx)
sm += y*h

return sm




UTo ¢ yenoBekom?

KOT ROT COBAKA
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UTO Ha n3obpaxeHun ?
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Ho ecTb npobnemka...

Array RGB

.-{0.689 0.706 0.118 0.884 ....-
Page3—|0.535 0.532 0.653 0.925.-"..
.- " hlue 0.314 0.265 0.159 0.107 ...
<" intensity |0.553 0.633 0.528.07493 ...
L. vobes |0.441 0.465 0,512 0.512 ...
-“(0.342 0.647 0.515 0.816 ...,-o-221 0.398 ...
Page2=1 4" 111 0.300 0.205 0.52g.7.. |0-212 0-713 ...
& . ' : 5267, 5,219 0.328 ...
-2 Q€N 10.523 0.428 0.712 0,939 ... |;'705 0 133
- intensity | 0.214 0.604 0.918+0.344 ... ) ’ Tt
= vabes |0.100 0.121 0'..1-1'3 D:128 .o
0.112 0.986 0.234 0.432 ... [0-2040.175 ...
Poge1-15.765 0.128 0.863 0.521 ... [°-760 0.531 ...
red 1.000 0.985 0.761 0.698 ... [0-997 0.910 ... .
intensity | 0.455 0.783 0.224 0.395 ... [0-9950.726 ... Fait
vobes |[0.021 0.500 0.311 0.123 ... "
1.000 1.000 0.867 0.051 ... s
1.000 0.945 0.998 0.893 ... .
0.990 0.941 1.000 0.876 ... e
0.902 0.867 0.834 0.798 ... =
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Kak npaBunno oby4veHune aTo...
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MHAQKC Maccbl Tena
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3a4yemM oby4aTb KOMMblOTEP?

MO>XHO JaTb XXECTKYI0
doopMynmMpoBKy U
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Kak ke oby4nTb KoMrnbloTep?

* HyXHo cobpaTb AaHHbIe
COop JaHHBIX
*  W3y4yeHne npegmeTHON obnacTu

* BbiaBneHue npu3HakoB (He Bceraga)

e OGyuenue * [locTpontb Mmogens,
* 00yunTb
OOpsicHeHue
e pesyNbTaTa  [lpoBepuTb, B Criy4ae He4OCTAaTOYHOW TOYHOCTH,
(rpoBepka) MOBTOPATbL NMepBblie Wwaru
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MickyccTBeHHaa HEMPOHHAA CeTb




[Touemy cenyac?

Hakonunu gaHHble [losABUNNCH HYXHblE

RAMNIIILINANATIA

¢
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ImageNet

'Inception 5 (GoogLeNet)
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Inception 7a

'Going Deeper with Convolutions, [C. Szegedy et al, CVPR 2015)




[loxon nVidia

»S0

Nvidia Has a Very Good 2016

n
NV

(0

https://dev.by/lenta/main/pochemu-aktsii-nvidia-za-god-vyrosli-na-300

P
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Bbl 3agymbiBanucb Kak 3To paboTtaeT?

[Monck NoOXoXxunx

TapreTnHrosas KomnbloTepHOe n3obpaxxeHui
peknamMa 3peHue
Anti fraud [lownck no PasgoeneHue
300paXKEHNEM KOMMOHEHT

Pacno3HaBaHne obpa3oB Ha
[MoHnmaHune cmbicna

n3obpaxeHunu
noucka
Anomaly Detection Pacrno3HaBaHue
A [ToHMMaHue cMbicna pe4qn
HTUCMNa TeKeTa v AnmeKc
M ABTOMAaTUYECKNWN NepeBos,
Ama3oH My3blka
TEKCTOB 5
(pekomeHaaLuunmn) BaHkoBckum
CKOPUHT
Mouck PekomeHaaTenbHble
CUCTEMDbI , ;
dopmurpoBaHue OT160p “xopoLmnx
HOBOCTEN doTo
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AlphaGo

Convolution Fully connected
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Go example creation: - ‘ :—1 +O_— il *-nobi

Bob van den Hoel : I%_ r""‘ :::;;teShape

https://deepmind.com/research/alphago/
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C)kaTne nsobpaxeHunm

ORIGINAL RAISR

1000 x 1500, 100kb 1000 x 1500, 25kb

Instead of requesting a
full-sized image, G+ requests
just 1/4th the pixels...

...and uses RAISR to restore
detail on device

https://research.googleblog.com/2016/11/enhance-raisr-sharp
-images-with-machine.html



KoHCTpyKUMa anga yaep»XaHusa npoBogoB

https://twitter.com/daniel_bilar/status/813019450551242752
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B yqpe>|<neH|/|s=|x 30paBOOXpaHeHUd
f = ttp X

daa

INTERPYEIRED:
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Cancer prediction

(d) benign (e) benign (f) malignant
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COop cTaTUCTUKN C JOopor




https://yandexdatafactory.com/
ru/company/cern/
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Sci_pub

MOYUTaNTE HOBOCTD, MPO OMNbIT HEKOTOPbIX CTPAH, B 3aMeHe 00CNYKUBaKLWEro
nepcoHana poboTamu.

PoboTbl 3axBaTbiBalOT MHAOYCTPWUKO €4bl B CMHranype

MHe HpaBuTcA 4 KoMmMeHTUpoBaTh
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bonee TBOpYecKne NpuUMepsl;)
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SERAIZRIN http://hi.cs.waseda.ac.jp/~iizuka/projects/colorizati.




CTWIM3ALIUSA
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<Bpam> | cowoama https://github.com/jcjohnson/neural-style



CTWJIN3ALIUSA
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CTWIM3ALIUSA

<epam> | CONFIDENTIAL



https://blogs.nvidia.com/blog/2016/07/07/deep-learning-cats-lawn/

2016-06-29 05:41-
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PobepT boHa
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3x Webcam

V,
N R

Serial Link
b O S

e e e
Arduino Micro Raspberry Pi 3

e | | | - B
S b ) .| oA _3
B L i = el Controls Conveyor TensorFlow/OpenCV Takes &
_‘ Servo Motors + Sorts Sends Cucumber Photos to Server
[ < . . Using Cloud Data + Controls Servo Motors
M [ &= ol B +
i . B 1 3 TensorFlow
BS o 1™ i i

c ENEE S

https://cloud.google.com/blog/big-data/2016/08/how-a-japanese-cucumber-farmer-is-using-dee
p-learning-and-tensorflow

NI T S E

Internet
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Google Cloud

TensorFlow/Django Sort Cucumber
Photos into 9 Classes + Stores
& Manages Data

L

TensorFlow




ﬂHﬂEKC My3b|Ka Tpek, anb60oM, MCNONHUTEND Q

HenpoHHasa o6opoHa

PYCCKUK POK

HHaexc ‘-,3;‘:";':—;.' ’ Cnyuja‘rb o i,

Mpeu [maeHoe Tpeku AnbBome!

MonynsipHble TPEKH

p 3aHoBo Mup

https://music.yandex.by/artist/4445922
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Tesla

[lemo ¢ aBTONMAOTOM

https://www.youtube.com/watch?v=PUw_DMaQ264




PeKkoMEH1yI0 TOCMOTPETH

https://youtu.be/CddWPpqV854 MalLWHHbIA UHTENNEKT N MalLMHHOE 0by4deHue. Jlekuus
AHppes CebpaHTa («HHAeKC»)

«MalWHHbIN MHTENNEKT. YTO OH USMEHUT B MapKeTUuHre

https://youtu.be/rK2iA_36qEl N B XXM3HW», OTKPbITas Nekums AHapes Ce6paHTa

puropuin bakyHoB (AHAekc) - Kak MOBbICUTb KOHBEPCULO

https://youtu.be/S6Lk_ij60Po NeHauHra

BakyHoB [puropum - Kak pasBnutmue MCKYCCTBEHHOIO
https://youtu.be/rZ2VfhyUXYM WHTenneKTa U3SMeHUT MUP BOKPYT Hac
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HecTtepeHa Uropb

telegram: @nesterione
site: nesterenya.com
mail: nesterione@gmail.com @




